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F—Atzw bk . SCIN (Skin Condition Image Network)

HAR : 1R (7/10 ~ 7/17)
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Home > Blog >

SCIN: A new resource for

representative dermatology
Images

March 19, 2024 - Pooja Rao, Research Scientist, Google Research
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Competitions

Grow your data science skills by competing in our exciting
competitions. Find help in the documentation or learn about
Community Competitions.

Q Search competitions = Filters

present withprizes ~ fundamentals =~ scholarly challenges = Kagglers
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traP MLWorkshop Competition 2025 7

Classify skin conditions from image embedding vectors and patient data.

Overview Data Code Models Discussion Leaderboard Rules Team Submissions Settings

Your Team

Everyone that competes in a Competiton does so as a team - even if you're competing by yourse If. Learn more.

General
EEEEEEEE

kobakos

This name will appear on your team's leaderboard position.
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# T—RDFEHAH

train_cases = pd.read_csv('input/train_cases.csv')
train_labels = pd.read_csv('input/train_labels.csv')
test_cases = pd.read_csv('input/test_cases.csv')
embeddings = torch. load('input/embeddings.pt')

# 7—_\\— & @I\:Eé
train_data = pd.merge(train_cases, train_labels, on='case_id')

# FHHEDOZEZE(L
scaler = StandardScaler ()

train_data_scaled[feature_columns] = scaler.fit_transform(
train_data[feature_columns]
)
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class SkinDataset(Dataset):

def

def

def

_1init__ (self, tabular_data, embeddings_dict, labels=None):

self.tabular_data = tabular_data
self.embeddings_dict = embeddings_dict
self. labels = labels

__getitem__(self, idx):
case_id = self.case_ids[idx]

# T—JISEE

tabular_features = torch.FloatTensor(
self.tabular_data.iloc[idx][feature_columns].values

)

# ERIEDHIAH (EREBRDTH)
image_embedding = torch.mean(

self.embeddings_dict[case_id], dim=0
)

return tabular_features, image_embedding, labels

__len__(self):

return len(self.tabular_data)
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class DualHeadModel(nn.Module):

def _ init_ (self, tabular_dim, embedding_dim,

super().__init__ ()

# T—JIFHERDAY R
self.tabular_head = nn.Sequential(

nn.Linear (tabular_dim, hidden_dim),

nn.RelLU(),
nn.Dropout(0.3),

)

# ERIEDIAAFADAY R
self.image_head = nn.Sequential(

nn.Linear (embedding_dim, hidden_dim),

nn.ReLU(),
nn.Dropout(0.3),

)

# faaROHIE
self.output_layer = nn.Sequential(

)

nn.Linear (hidden_dim * 2, num_classes),

hidden_dim=256):
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# FERIL—7
for epoch in range(num_epochs):
# iR
train_loss, train_preds, train_labels = train_epoch(
model, train_loader, criterion, optimizer, device
)

# IRAE

val_loss, val_preds, val_labels = validate(
model, val_loader, criterion, device

)

# <2V OAUCDFE
train_auc_mean = calculate_macro_auc(train_labels, train_preds)
val_auc_mean = calculate_macro_auc(val_labels, val_preds)
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# TAMT—XTOFH
test_predictions = []
with torch.no_grad():
for tabular, image in test_loader:
outputs = model(tabular, image)
preds = torch.sigmoid(outputs).cpu().numpy()
test_predictions.append(preds)

# EH 7 71 ILDIERL

submission = pd.DataFrame({'case_id': test_cases['case_1id']})

for 1, disease 1n enumerate(target_columns):
submission[disease] = test_predictions[:, 1]

submission.to_csv('submission.csv', 1index=False)
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